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A.1 Control variables for the county level analysis

A series of theoretically meaningful control variables come from the American Community Survey
(2014-2018) and the MIT election data: % young inhabitants (below 24 years old), % old
inhabitants (older than 65), racial composition (% white, black, etc.), % college educated
population, % unemployment, median household income, economic inequality (measured as a
Gini index), and % Democratic vote in the 2016 presidential election. We aggregated voting results
based on the area overlap between counties and voting districts. To control for weather conditions
that may affect protest behavior, we use the average temperature and the average amount of
precipitation (not included in the final models as it turns out that protests were not deterred by

rain).!

As mentioned in the main text, social movement researchers have pointed at the role of personal
networks and organizations in explaining movement participation. To control for network factors,
we use data from Facebook that is available on a county basis (Bailey et al. 2018). They represent
the relative probability of a Facebook “friendship” tie normalized by the county population (and
scaled to the county with the highest friendship density, which is Los Angeles; it is unfortunately
not possible to “unscale” these data to make them easier to interpret). To control for organizations,

we use data from the 2020 County Business Patterns provided by the US Census Bureau. We lose

! Weather data are not available at the county level, but for each weather station. Therefore, for each county, we used
data from the weather station closest to the county centroid for which there was data for a given day. There are enough
weather stations in the US to cover the entire territory, but there is missing data. When missing data forced us to use
data from a weather station that was very far from the centroid, we took a 10-day rolling average, or we averaged

weather data from the surrounding counties when the rolling average was not available.



about one tenth of observations due to missing data. Results without the organizations variable are

substantially identical (and not shown).

A.2 Robustness and collinearity checks for county level analysis

In Appendix Table 1, we reduce the sample to counties with a share of the African Americans
below 10% of the population and outside of Minneapolis (Model 1). This is to make sure that the
results are not driven by either the specificity of the original protests in that city in 2020 or by the
response of counties with a large share of the African American population. All results hold up

with the exception of the COVID death variable.

We also use a different outcome variable to check for the robustness of results. A model where
the outcome is the difference between protest frequency in 2020 and that of previous years
(shifting to a difference in difference specification) generates almost identical results as in Table

1, which is not surprising given the paucity of protests before 2020 (results not shown).

As noted in the main text, models with state fixed effects may produce collinearity problems,
even though the standard errors of our main focal variables don’t give rise to such concerns since
the effects are precisely enough modelled. To check for possible collinearity problems in a more
formal way, we used the Variance Inflation Factor diagnostic and rerun all models as linear

regressions.

Model 1 in Table 1 has indeed a high average VIF value of 50 and max of 250. Values above 10

are usually considered worth further exploring. All the variables with very high VIF values are



individual state fixed effects. Run without these, the models produce substantially identical
results for the core variables (not shown), but not for three control variables. The average VIF

value in this model without state FE is 5, with a maximum of 11.

Model 2 in Table 1 did not include fixed effects because of the small number of units of
observations when using DMAs. The average VIF value in this model is 4 and the maximum is

7, indicating that there are no problems of multicollinearity.

In Model 3 of Table 1, the average VIF value is 55. Omitting state fixed effects brings these
down to 4 on average and a maximum of 16 (results not shown). This changes the same three

control variables as in Model 1, but it also makes black-white exposure negatively significant.

A.3 Results for control variables based on the individual survey

What follows is a short summary of how the control variables behave in the models based on
individual survey data. Among non-black individuals, younger individuals are more likely to join
a BLM protest, but not Democrats or Independents (the omitted category is Republicans), in line
with the results from the county level analysis. We do not find any evidence that more highly
educated individuals or individuals with less income or who are unemployed join protests at
higher rates (all in contrast to county level results). Interestingly, in neither the black or the non-
black sub-samples is fear of getting infected with COVID associated with protest participation,
and the sign of the coefficient points in the opposite direction (on the role of fear in movement

participation, see Young 2019). Finally, we note that in models with the entire sample (not



shown here), the coefficient for black individuals is consistently positive and with a large
coefficient, in line with the aggregate, descriptive figures reported in the main text as well as

most of the results from the county level analysis shown in the main text.

A.4 Robustness checks for individual survey analysis

Appendix Table 2 reports the results from some robustness tests. First, we explored causal
heterogeneity and tested if the results do not hold for young individuals who might be mostly
driven by their previously acquired belief in the pervasiveness of racial injustice and their
motivation to do something about it, independently of any COVID related mechanism. A
subsample analysis with non-black individuals under 40 (generating a sample of 324 individuals)
leads to substantially identical results as those reported in the main text (Model 1 Appendix
Table 2). In Model 2, we added state fixed effects instead of region fixed effects and ran models
with the entire sample (adding a control for African American respondents) because we would
otherwise have lost a considerable number of observations. All results hold. Model 3 in
Appendix Table 2 reports results without respondents from Minnesota. The COVID death

variable now just misses standard levels of significance while the rest holds.



Appendix Table Al: Robustness checks with county level data

Proportion of individuals below the age of 25

Proportion of individuals above the age of 64

Share of white population in quartiles

Proportion of people with at least a bachelor's degree

Unemployment in 2019

Median household income

Gini index of household income

Proportion of democratic votes in the 2016 presidential election

Average temperature in May-June 2020 (in Fahrenheidt)

Population size in thousands

Rel number of Facebook friendships per dyad in 2016 (scaled to a max of 100)
No of civic organizations per 1000 residents (from County Business Patterns)
Cumulutative number of COVID deaths per 100 thousand individuals

% change in unemployment rate between January and May 2020

% change in distance travelled to/from work from early February to late May
% change in distance travelled to/from work from early February to late May # Share of white population in quartiles
Number of universities and colleges (Bureau of Labor Statistics)

Observations
Standard errors in parentheses; constants ommitted; + p<0.1 * p<0.05, ** p<0.01

0.0245
(0.11)
0.0985
(0.12)
-0.399**
(0.11)
0.373**
(0.06)
-0.562
(0.44)
-0.230%*
(0.05)
0.0801+
(0.05)
-0.0186
(0.04)
-0.0209*
(0.01)
-0.00140%*
(0.00)
0.113**
(0.04)
1.507**
(0.27)
0.00916
(0.03)
0.362**
(0.11)
-0.0324*
(0.01)
0.00887*
(0.00)

2108

0.200*
(0.10)
0.243*
(0.11)
-0.387**
(0.11)
0.279**
(0.06)
-0.921*
(0.40)
-0.232%*
(0.05)
0.119**
(0.04)
-0.000723
(0.03)
-0.00743
(0.01)
-0.000137
(0.00)
-0.0082
(0.01)
2.068**
(0.35)
0.00837+
(0.00)
0.293**
(0.10)
-0.0445**
(0.01)
0.0104**
(0.00)
0.002
(0.00)

1490



Appendix Table A2: Robustness checks with individual survey data

Age (1=18-29 to 5=65 or older)

Educational attainment (1=no highschool to 4=BA or above)

Employment status (1=employed)

Household income group (1=less than 10k to 9=150k or more)

White (1=yes)

African American (1=yes)

Democrat (1=yes)

Independent (1=yes)

Not worried about personal/family Corona infection (1=worried to 5=Not at all)
Region fixed effects

State fixed effects

Corona virus diagnosed for respondent/relative/friend (1=yes)

Anticipation of financial strain in 2021 (1=much better to 5=much worse)

Resp or family either laid off or reduced hours or unpaid time off due to Corona
Perceived severity of racism (from 1=not at all serious to 5=extremely serious)

Observations
Standard errors in parentheses; constants ommitted; +p<0.1; * p<0.05, ** p<0.01

1 2
Only younger than With state fixed
40 years effects
-1.043* -0.371%**
(0.479) (0.0982)
0.158 0.119
(0.246) (0.136)
1.184+ 0.0397
(0.628) (0.254)
0.0804 0.0136
(0.105) (0.0532)
0.0733 0.175
(0.477) (0.345)
M.219%x
(0.333)
-0.467 -0.0954
(0.563) (0.293)
-0.377 0.653*
(0.640) (0.306)
-0.0247 -0.0157
(0.197) (0.0390)
Yes No
No Yes
0.955+ 0.455+
(0.537) (0.252)
0.0120 0.167
(0.242) (0.109)
1.174% 0.387+
(0.528) (0.230)
0.720* 0.452**
(0.296) (0.142)
323 1196

3
Without
Minnesota

-0.197
(0.130)
0.121
(0.176)
0.282
(0.353)
0.0657
(0.0713)
-0.0305
(0.322)

0.257
(0.399)
0.611
(0.397)
-0.0113
(0.0463)
Yes

No
0.548
(0.334)
0.105
(0.165)
0.752*
(0.323)
0.711**
(0.195)

899



